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New NSGA-]I algorithm of E-dominance based on grid
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Abstract: In order to improve optimization effect of NSGA- Il based on E-dominate, this paper proposed a new NSGA- [
based on E-domination. It adopted grid to make better distribution and diversity, and used non-uniform mutation to enhance
the performance of its mutation. Compared with NSGA- [ and NSGA- ]I algorithm based on E-dominance, this new algorithm
has a better performance in keeping distribution and diversity. It shows that the performance of new algorithm has been im-

proved.
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