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Research on vision-based traversable region recognition for mobile robots

ZHU Xiao-zhou, LI Yu-bo, LU Hui-min, ZHANG Hui
(College of Mechatronics Engineering & Automation, National University of Defense Technology, Changsha 410073, China)

Abstract; Realizing accurate and real-time traversable region recognition is indispensable to mobile robots navigation in out-
door environments. This paper gave a research on vision-based traversable region recognition for mobile robots. It introduced
the common-used vision systems in vision-based mobile robots navigation and described the development of this issue from two

aspects: obstacle detection and terrain classification. In the end, it proposed the prospective technical trends.
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