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Abstract: For the purpose of have a better accuracy of image semantic feature extraction, overcome the problem that in most
image semantic feature extraction algorithms, due to the improper extraction of image semantic feature, lead to the problem of
feature parameters can not fully reflect the image semantic, this paper proposed an image semantic extraction algorithm based
on canonical correlation analysis and feature fusion. In the proposed method, using the circular symmetric neighborhood, in-
stead of the traditional method of rectangular neighborhood firstly, improved the local binary patterns ( LBP) texture feature
descriptor. Then, the work was feature fusion between the scalable color descriptor color feature and improved LBP texture fea-
ture using canonical correlation analysis under high dimension small sample. Experimental results show that the proposed
method significantly improves the accuracy of image semantic feature extraction, creates the consistency between low-level fea-

tures and high-level semantic effectively.
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