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Abstract; This paper proposed the multi artificial fish swarm cooperation algorithm (MAFWA ) based on the work principle of
basic artificial fish swarm to extract the classification rules of continuous variable space. It defined a function to evaluate the
rules based on the support and confidence, designed the code of artificial fish, defined the formula to calculate some key pa-
rameters for its application in extracting classification rules and provided with the detailed step of algorithm. And then it made
use of programming in the VC ++ 6.0 . Finally,it made an experiment on Iris and Wine data sets to test the algorithm, further
more it compared the algorithm of MAFWA with the single artificial fish swarm and multi particle swarm algorithm by using the
same data sets of Iris and Wine. The experimental result shows that this algorithm can extract the classification rules with high
precision quickly. So the algorithm of MAFWA is available and efficient to resolve the problems related to extracting classifica-
tion rules of continuous variable.
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