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K-medoids clustering algorithm method based on differential evolution
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tion Engineering, Changsha University of Science & Technology, Changsha 410114, China)

Abstract: The traditional K-medoids clustering algorithm, because on the initial clustering center sensitive, the global search
ability is poor, easily trapped into local optimal, slow convergent speed, and so on. Therefore, this paper proposed a kind of
K-medoids clustering algorithm based on differential evolution. Differential evolution was a kind of heuristic global search tech-
nology population, had strong robustness. It combined with the global optimization ability of differential evolution using K-me-
doids clustering algorithm, effectively overcame K-medoids clustering algorithm, shortend convergence time, improved cluste-

ring quality. Finally, the simulation result shows that the algorithm is verified stability and robustness.
Key words: differential evolution(DE) ; cluster quality; K-medoids algorithm; global optimization
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