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Local multi-model method based on similarity of vector
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Abstract: This paper proposed an on-line multiple models identification strategy based on data-driven and local-modeling for a
class of unknown-structure nonlinear systems on the basis of numerous historical database. And it proposed a new approach to
determine data information ( determine the neighborhood) ,it could improve precision of the data which used to get optimal lo-
cal model. Then gave the goodness of fit criterion and rapid selection method to determine bandwidth. Finally,it did some char-
acteristic analysis and simulation studies,and the results illustrate the validity of this approach.
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