%29 K% 4 HE N oE A R Vol. 29 No. 4
2012 %4 A Application Research of Computers Apr. 2012

ETEESEMMNEN _FEZHNEGER"

HoofE, whER
(1LERIFRRT HHANMFER RS, KM 4L 235000; 2. @B TR F HENMAFE TRZR, TN
510006)

W OE: ARSARILRYREARE RE—AHGEABRILRELE ., AAEATEESBHR, MAFHGH R
Fotb, 5 ik BAR SR P 6T B AR R 30 KRB AR SR ROME T iR B AR SR SR RAL B S B AN SR AR 6Y
R AKFARILRNAG BRI, BRI BRI H TGP IAZR TR DRk
(IRLS) &2 L1 R AT FIM, FHEREN RBGAXALNMBETARIL AR, SR Ley—2
FLkARve % Sk SR E A SR AR T @ B RA

KEBE: BRIR; ARRMFRM; T2 E; THRDMT & TR TR D= Fk

hESES: TP391.41 MERERERE: A NERS: 1001-3695(2012)04-1584-04

doi:10.3969/j. issn. 1001-3695.2012. 04. 108

Image restoration based on variable splitting and weighted least squares
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Abstract: For improving and accelerating image restoration, this paper proposed a novel algorithm. Based on the variable
splitting technology , it established an objective function with a new constraint for image restoration problem. To obtain the glo-
bal optimal solution of image restoration, it used the alternating minimization method to decompose the optimization of the ob-
jective function into two alternately iterative procedures. In the procedure of calculating the new variable obtained by splitting,
it introduced the iteratively reweighted least squares method to solve the non-differentiable L1 norm. The experimental results
demonstrate the efficiency of the proposed algorithm, and compared with some state-of-the-art algorithms, it shows better per-
formances on the restored results and speed.
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