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Automatic building extraction from aerial images

based on Bayesian nets
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Abstract; This paper proposed an approach to building extraction from aerial image using Bayesian nets. Firstly,it represen-
ted texton dictionary by training aerial image sets. Secondly,acquired classification of a new image by mapping the textons to
texton dictionary and obtained the scene categories in the whole image. Finally, it selected naive Bayesian nets to represent
spatial constraints between objects and scene classes, and computed the posterior probability of category node to building ex-
traction. The test on the dataset shows that the proposed approach yields substantial improvement over others on building ex-

traction from the aerial image.
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