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Efficient algorithm for mining association rules with multiple constraints
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Abstract: Association rules mining with constraints is an important association mining method. It can mine the rules according
to the given itemsets constraints. Because most of algorithms can only deal with single type of constraints, this paper proposed
an efficient algorithm for mining association rules with multiple constraints. The algorithm was based on FP-growth algorithm,
and generated the condition database of frequent itemsets. Making use of constraint characteristics of anti-monotone and mono-
tone,, moreover, using some prune techniques, to find the constraint checking points, the proposed algorithm was efficient for
mining association rules with multiple constraints. Experimental results show that the proposed algorithm is efficient both in
running time and scalability.
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