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Dynamic role assorted discovery of network community
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Abstract; Traditional community discovery algorithms study network members in community groups, while ignoring the inner
members’ characteristics and status. In order to improve the discovery accuracy and provide an optimized platform for
personalized recommendation system, this paper put forward a novel dynamic community discovery algorithm on the basis of
complex priority and the grouth theorem. It firstly derived the social network’ s mechanism of formation and evolution in nega-
tive direction according to the node-degree, at the same time, it constructed the time axis, then gradually put nodes into the net-
work and divided them into different communities and gave distinct roles. It tested the algorithm on both artificial networks and
real world networks,and compared with G-N. Experimental results show that, the discovery community are all strong connected

communities and this algorithm has great pratical value as well as high accuracy.
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