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Fast incremental learning SVM for Web text classification

DING Wen-jun, XUE An-rong

(School of Computer Science & Telecommunication Engineering, Jiangsu University, Zhenjiang Jiangsu 212013, China)

Abstract: In Web text classification, with extremely large scale of the training set and the characteristic of changing rapidly,
this paper proposed an algorithm named FVI-SVM based on incremental SVM for fast Web text classification. In order to con-
quer the problem of low efficiency of SVM which was aroused by a large scale of training set, datas in incremental training set
which violate conditions of KKT would be exterminated. In order to conquer the problem of redundant support vectors which
lead to the increasing of taining time consumption and decreasing of classification efficiency in incremental learning , extermina-
ted the redundant support vectors by calculating shared nearest neighbors similarity. Experimental results show that the pro-
posed method enhances the training and classification efficiency on a premise ensure the accuracy of classification.
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