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Abstract; This paper applied nonparametric Dirichlet process mixtures model algorithm to segment images automatically,
which could obtain the segmentation class numbers automatically during the process without initialization. The number of clus-
ters as an input constant was substituted by a random variable with a control parameter,which specified a level of cluster reso-
lution by adjusting the parameter. The algorithm was used to segment noisy natural images and magnetic resonance images with
biasing field. The experiment results show that the algorithm has anti-noise performance and can restrain the biasing field effect
of MR images well. The Dice similarity coefficients are all above 90% ,which show that the proposed method is robust and ac-

curate.
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