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Lamarck immune network algorithm for multimodal function optimization
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Abstract; In order to solve the problem of local convergence in immune network algorithm, this paper presented a Lamarck
immune network algorithm( LM-aiNet). According to Lamarck evolution theory, this paper designed a directional local search
strategy , and added an adaptive network suppress threshold to the algorithm. As a result, new algorithm is more adaptable for
different multimodal functions. This paper performed the computing complexity and convergence analysis. It studied the influ-
ence of important parameters on algorithm’ s performance and determined the suitable range of parameters. Results on bench-
mark functions show that LM-aiNet avoids the problem of local convergence effectively. And its searching performance is better
than the other compared algorithms.
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