%29 5% 3 M it AL R R AR Vol.29 No.3
2012 3 A Application Research of Computers Mar. 2012

—MFNEEHRAREE

s, £ 4L
(GLARFEXS FEAFE TSR, Fd 250014)

B OE, ATYENPOERTENARGELE RET AV EEHARLIAFTE, ZHEAPSERKX
W EAE AR KRG TP ARGAET & oA RENERRKAGT S AR HR w R ST S A
RARALAIRKAGE R WXL ERET SR, FRINARZ A6 E S0 KR AA0ERKGER S
A —AFR Wiz E kPR B Zachary & F i AL R 36 W Lk Fo i BRAL A W 2450 | 520 R W 9 R A 9B AR IT B R
Mg PeE AR,

KGR, AAM%, TLAR, ARAN, P, S8
hE 4 2ES. TP393; TP301.6 XHAFRERG . A
doi:10.3969/j. issn. 1001-3695.2012.03. 011

XEHS. 1001-3695(2012)03-0844-03

New algorithm for detecting overlapping communities

MA Xing-fu, WANG Hong
(School of Information Science & Engineering, Shandong Normal University, Jinan 250014, China)

Abstract; Based on the node of centrality degree and the node’ s fitness to community, this paper proposed a new algorithm to
detect overlapping communities. This algorithm took the nodes with a great centrality degree as the initial communities, then
visited community’ s neighbor nodes, and joined the node with a higgest fitness to the community. If the node had the very big
fitness to many communities, then it belonged to several communities. Considering the overlapping property of community, it
combined communities with great similarities into one community. Tt applied this algorithm into the Zachary’ s Karate Club
Network and the Dolphins Social Network , and the experiment indicates this algorithm can divide overlapping communities effi-

ciently in the network.
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