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Fast outdoor image segmentation algorithm based on Mean-Shift

YANG Xiao, LU Hui-min, ZHANG Hui
( College of Mechatronics Engineering & Automation, National University of Defense Technology, Changsha 410073, China)

Abstract; This paper presented an improved fast outdoor color image segmentation algorithm based on Mean-Shift, which
could satisfy the real-time requirement of the image processing for the visual navigation of mobile robots in outdoor environ-
ments. It introduced the basic theory of Mean-Shift algorithm firstly, and then processed fast color image segmentation algo-
rithm; used a scale transformation to the original image ,then segmented the transformed image by the Mean-Shift algorithm in
the chosen color space. The experiment results on the outdoor color images show that good segmentation results can be
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achieved by the proposed algorithm.
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