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Entity relation extraction based on feature selection
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Abstract; This paper proposed a new entity relation extraction method using the feature selection algorithms such as informa-

tion gain, expected cross entropy, .. statistic which were used in text classification for reducing the feature space dimension.

Experiments results show that these feature selection algorithms can keep the extraction performance while ensuring reduce the

vector space dimension effectively, and improve the classification efficiency. The ..~ statistic reaches the best performance.
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