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Comparative research on different grain-based tag recommendation algorithm
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Abstract: Social tagging system has a characteristic that different entities from different grain have different descriptive pow-
er. This paper proposed some methods to recommend more precise tags from fine word-grained and coarse topic-grained accord-
ing to this characteristic. The descriptions and tags of documents were modeled with statistic language model ( fine word-
grained) and latent dirichlet allocate model ( coarse topic-grained) , respectively. The paper hybrided different single model to
recommend tags after using a single model, and then compared their different performances. The results of experiments show
that the performance of word-grained tag recommendation is better than the topic-grained one, and the hybrid methods are bet-

ter than non-hybrid ones, and the less the related features of hybrid are, the better the performance is obtained.
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p(elr) =&pun (t1r) + (1 =& pupa (21T,) (27)
pCelr) =&y (tlr) + (1 =&)pre (¢1T)) (28)
pelr) =&un (tlr) + (1 =€) pyrr (¢1T,) (29)
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