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Abstract; Image denoising through sparse and redundant representation modeling has been well acknowledged as an important
approach of image denoising in recent years. This paper attempted to make an overview of sparse model denoising based on un-
derstanding and analysis of recent domestic and abroad literatures. To begin with, this paper reviewed the development of
sparse denoising research, and clarified the principle and noise model of sparse denoising. Next, summarized several methods
in procedure of sparse denoising, and introduced sparse decomposition and reconstruction in the process of image denoising. In
addition, described the other denoising methods, such as the wavelet denoising method, multi-scale geometric analysis( MGA )
denoising approach, independent component analysis denoising technique, and then compared and analyzd the relationships
between the recent sparse and redundant representation modeling denoising method and other traditional sparse methods. Final-
ly, pointed the problem and some future directions of sparse denoising method.
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