$29 A% 1 R AR R AR Vol. 29 No. 1
2012 1 A Application Research of Computers Jan. 2012

ETHREATZTRIMBEMLENIFIER
ANBEHBINEEHAR

maaTt, mAR, B E
(W XF B BRI, R4 610064)

 OE. ANERHERBETARBGRORESZ LR 5 AW BB Y w0 LR R FIF A AR H AT R
KR B AMEX — P 42 B T R k4R B SRR AL (RILPQ) S AL F 45452 5] JE 3 36 B 09 7 ik BEAT A )
ik, B A A RILPQ 45 48 H F x4 3 28 IA 44 7 1@ B 4% 5 A1 32 BX RILPQ % 7% B 4% SR UG o ¥ 3K 43 & 19 K 3% RILPQ
B B A5 SR 84T PCA M4 JF 4 M4 )5 o9 RILPQ AL77 B 5 5048 A A B a9 A0 463K T 31 - # e A e B 4%
3K AL 69 53T Fisher AL SE B ;%5 R SVM 4T AR A, £ LFW Ao E L) S R iZ 5 s AR XA
HAA R,

KEIE . ARFIN; RILPQ; E R4 57 ; 4ot Fisher mAFE B ; L HF & FH

FESES . TP391 XHEFRERD . A XEHS. 1001-3695(2012)01-0352-03

doi:10.3969/j. issn. 1001-3695.2012. 01.097

Search of face verification algorithm based on RILPQ descriptor
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Abstract: The problem that face image captured from uncontrolled environment is seriously affected by illumination, pose,
expression, occlusion etc. and has low image quality has brought about much difficulty in face verification. To solve this prob-
lem, this paper proposed a novel method for face verification which combining rotation invariant local phase quantization
(RILPQ) with learning metric distance. First, extracted the RILPQ code map from two given face images respectively by using
RILPQ descriptor. Then, divided the code map into N x N regions, after concatenating all RILPQ histograms from every region
and PCA dimension reduction, and represented each given face image by the compact RILPQ feature. Next, obtained similari-
ty between the two face images by using statistical Fisher weight distance. And finally, adopted SVM for face verification. Ex-

periments on LFW database show that the method achieves best performance among all the same kind of methods.
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