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Linear model based lane mark identification algorithm

FAN Chao, DI Shuai, HOU Li-long, SHI Xiao-feng
(School of Information Science & Engineering, Henan University of Technology, Zhengzhou 450001, China)

Abstract: In order to meet the requirements of the real-time and robustness of lane mark identification algorithm, this paper
proposed a lane mark identification algorithm. Turning the color image into grayscale, filtering out noise by median filter and
extracting the lane mark edge by steerable filter were introduced firstly. To determine the initial direction angle of the filter,
the image was divided into interest regions and the algorithm of edge distribution function (EDF) was used. Then, put forward
the identification algorithm based on gradient weighted Hough transform. Finally, performed the real-time tracking of the lane
mark by establishing trapezoid areas of interest, and verified the validity of the proposed method by experiments by using sever-
al videos. The results show that the combination of steerable filter and gradient weighted Hough transform simplifies the infor-
mation characteristics of the lane mark estimation, which also greatly reduces the execution time and makes the robustness of
the algorithm greatly improved.
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